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Muon setup

magnet IS
with STSg

SiliconTracking System track, vertex and
(STS) momentum reconstruction

Muon Chamber System globaltracking,muon identification via hadron
(MUCH) absorption in massive material

TransitionRadiation global tracking
Detector(TRD)

Timeof FlightDetector particleidentificationvia time measurement
(TOF) 4
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. +central Au+Au@ 8 A GeV/c
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. +central Au+Au@ 8 A GeV/c

Positive tracks Negative tracks
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efficiency = signal passing ANN cut / total signal
purity = signhal passing ANN cuaig(al+backgroungassing ANN cut)



. +central Au+Au@ 8 A GeV/c
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. +central Au+Au@ 8 A GeV/c
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