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What are topo-clusters?
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What is local cell weighting calibration (LCW)?

(ATLAS collaboration)
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How can Machine Learning (ML) be applied?

Inputs: cluster energy density, pTD, depth, pseudorapidity, significance and second time
Hadronic Performance with MAE

Main loss functions used:
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How did LCW compare to ML with MAPE?
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What improvements are made in 20217

Hadronic Performance
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Calibrated Energy

Cluster Energy

E&M Performance
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E&M Performance with 20% Cluster Energy Minimum Cut
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Calibrated Energy

Cluster Energy

Mixed Pions Performance
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Mixed Pions Performance with 20% Cluster Energy Minimum Cut
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How can ML be applied to jet reconstruction?
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Future Work
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[ATLAS JZ3_Cut0 LCTopo |y | <0.4]: EM cluster response versus E for pJES >20 GeV

JES

EM ;—dep
lE clus

clus

E

[ATLAS JZ3_Cut2 LCTopo |y | <0. 4] EM cluster response versus E for p > 20 GeV
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Network Architecture

input: | [(None, 9)]
dense_input: InputLayer
(None.9)

% 9inputs
< 2 hidden layers
%

function

> 1024 nodes each
S : - . mput: (None, 9)
Rectified linear activation T T
output: | (None, 1024)

; b (None, 1024)
JENSse_ 1. nse
(None, 1024)

3 _— m (None, 1024)
lense_2: Dense

Figure 1: NN Architecture for Energy Calibration




