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Existing Distribution Prediction Methods

Conditional Normalizing
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Loss function choices
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Quantile Crossing Regularization

raw quantile function, sigma = 1
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Higher dimensional distributions

p(A, B,C|D)
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Quantile Network Design
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Quantile Network Inference
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Quantile Network Predictions
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Validating predicted distributions
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Jet Correction Distribution Results
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Jet Simulation Distribution Results
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Jet Correction Median Results
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Jet Simulation Median Results
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