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+ ATLAS-CON F-2022-0?y

* GN1 flavour tagging algorithm provides excellent flavour tagging performance in in the harsh HL-LHC environment

 Training procedure used for current detector configuration easily adapted to ITk geometry and increased tracking acceptance

K-Next generation of flavour tagging algorithms will include updated architecture, optimized training, and enlarged training dataset)
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https://atlas.web.cern.ch/Atlas/GROUPS/PHYSICS/PUBNOTES/ATL-PHYS-PUB-2022-027/
https://atlas.web.cern.ch/Atlas/GROUPS/PHYSICS/PUBNOTES/ATL-PHYS-PUB-2022-047/
https://atlas.web.cern.ch/Atlas/GROUPS/PHYSICS/PAPERS/TRIG-2018-08/
https://atlas.web.cern.ch/Atlas/GROUPS/PHYSICS/CONFNOTES/ATLAS-CONF-2022-035/

