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Baltimore Neighborhood Indicators Alliance (BNIA). Click to see details
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Training modules

Data Science for Social Good (Instructor: Dr. Seema lyer) - Click here for the presentation and video.

Big Data Analytics for Smart Cities (Instructor: Dr. Aryya Gangopadhyay) - Click here for the presentation and video.

Machine Learning for Smart Cities (Instructor: Dr. Sanjay Purushotham) - Click here for the presentation and video.

Deep Learning for Smart Cities (Instructor: Dr. Tim Qates) - Click here for the presentation and video.

Geospatial Analytics for Smart Cities (Instructor: Dr. Michael McGuire) - Click here for the presentation and video

Virtual Reality for Smart Cities (Instructor: Dr. Sharad Sharma) - Click here for the presentation and video.

Smart City Technologies (Instructor: Dr. Nirmalya Roy) - Click here for the presentation and video.

Cybersecurity for Smart Cities (Instructor: Dr. Anupam Joshi) - Click here for the presentation and video.




Data science Corps for Smart Cities
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