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Introduction

The next generation of neutrino experiments will be able to: Neural networks are widely used across patrticle

e Resolve neutrino oscillation parameters 6-p, 0,5 and the physics experiments to improve event reconstruction.

neutrino mass ordering : : :

Easily applied to regression problems, such as
e Detect v/, flux from near supernovae explosions predicting the energy of an incoming particle.
® Search for proton decay
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Neural networks are widely used across particle
physics experiments to improve event reconstruction.

Easily applied to regression problems, such as
predicting the energy of an incoming particle.
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Invisible particles in final state of neutrino nucleon Train a neural network to reconstruct neutrino energy.
Interaction still pose a challenge to accurate energy Use dataset with detector constraints applied.

reconstruction. Test performance for beam and atmospheric neutrinos.

B. Abi et al, DUNE collaboration, 2002.03005 (2020)



Dataset and Network

Generate 5 X 10° v (7)) events with
energies from 0.2 - 6 GeV using NuWro.

Use DUNE flux for beam neutrinos, flat
flux for atmospherics.
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