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In the last stage, all features are combined and pass through 5 dense layers
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Deeplau v2.5[4] iIs an enhanced iteration of its predecessor (v2.1[3]) and has

been deployed for Run 3 analyses. It infegrates:

 Domain adaptation techniques to mitigate mismodelling (with respect to > Forward Pass
real data) in Monte Carlo (MC) events used for training[5] <:

e Shuffle and Merge to balance events across all regions of the phase space

e Feature Standardisation and Hyperparameter Optimization
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Jet misid reduced by ~50% Large reduction of electron misid for looser WPs Compatible performance
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Visible mass m,;(y, 7;) in Z/y ™ = 77 — ut, events, applying Data-to-simulation correction factors for genuine 7,
DeepTau v2.1 (left) and the new DeepTau v2.5 (right)
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- Improvement most prominent at low pr
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