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* Single jet events

e COCOA detector simulation — 2303.02101

e HGPflow reconstruction — 2212.01328

* 100 replicas per event

repeat detector simulation for the same truth event



https://arxiv.org/pdf/2303.02101.pdf
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Marginal distributions
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* Overall good agreement

» Some issues in prtail — under investigation

11

- O-

N events

2.0 -

1.5-

1.0 -

0.5-

0.0

1e5




@)

W un

N events

N

(-

led

Cardinality

N

Pflow £000-
1 SA
GD
4000 -
hd
0
¢ 3000
b
=
2000
1000 -
— —
5 10 0

- Pflow
— SA
| GD
i |
|
10 15 20

Truth cardinality 7

* Overall good match

Truth cardinality 13

N events

55 N Pflow
107 — [ SA
? -
103- — =
] -
102! B L
3 -
10! =
10°-
~10 -5 0 5 10

Residual card. (tr-reco)

 SA & GD very similar — expected since its the same network

12



Class prediction
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Residuals — ‘Distance to Truth’
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 Hungarian matching between truth and reconstruction

» GD has a good agreement in pr
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e Need combined metric
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Matching with truth
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Resolution
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Summary

* 3 approaches for a conditional end-to-end generative model

Slot-Attention, Graph Diffusion, Graph-to-Graph Translation
* (Goal to reconstruct constituents and model detector resolution
 New models show significant improvement w.r.t. the original

 GGT trainings is in progress
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