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Predict the hard process
interactions in a fast and
precise way

Identify particle Simulate full events

structures at the
detector level

All collider processes are ruled by
strict and concrete symmetry laws
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D Geometric inductive bias through
geometric algebra representations

D> Symmetry awareness through
Lorentz equivariant layers

D> Scalability and flexibility through
dot-product attention

D> Auxiliary scalar representations (for non-geometric data)
D> Positional embeddings
D> Axial attention
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D Outlook: - ™\
- NLO amplitude regression

- Other collider physics tasks @%r
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