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Introduction Network Architecture
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= FastSim is a rapid Monte Carlo application for FastSim | |
detector simulation and event reconstruction, Figure 2. Network Architecture of Refinement
approximately 10 times faster than FullSim. : : :
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= FastSim's speed advantage comes with | |
reduced accuracy in some observables. e Comparing ensembles of jets
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* based on methodology: Fast Perfekt[1][2] Given two samples from P(X) and Q(Y'):
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Training sample: SUSY simplified model , T1tttt” simulated: where n = m = batch size = 2048 and k : Gaussian kernel (adaptive o)
1 Gen — FastSim + PU Combine loss terms via MDMM (modified differential method of multipliers):
2. Same Gen — FullSim + PU e Allows us to account for multiple loss terms such as MSE and loss terms that

enforce boundary conditions or unitarity
The aim is to establish a refined version of the FastSim data sample, which is more similar

to the FullSim output, i.e., more accurate.
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