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All “HEP results” or “HEP analyses” are conceptually examples of

Data Science Pipelines
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Data Science Pipelines

Questions:
1. Where does machine learning typically go?
2. Where do particle physicists spend most of their time?
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Images, contours and fields ~ " For an overview of the plotting methods we provide, see Plot types

Subplots, axes and figures v
This page contains example plots. Click on any image to see the full image and source code.

Statistics v
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seaborn: statistical data visualization
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Seaborn is a Python data visualization library based on matplotlib. It provides a high-level
interface for drawing ive and i i istical graphics. Contents Features

Installing « [ Objects: API | Tutorial

For a brief introduction to the ideas behind the library, you can read the introductory notes or o B
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« Regression plots: API | Tutorial

To see the code or report a bug, please visit the GitHub repository. General support questions Releases * Multi-plot grids: API | Tutorial

are most at home on stackoverflow, which has a dedicated channel for seaborn. Citing « Figure theming: API | Tutorial

FAQ « Color palettes: API | Tutorial

The Seaborn Library for Statistical Data Visualization -- https://seaborn.pydata.org/
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Plotly Open Source Graphing Library for Python -- https://plotly.com/python/
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e Additional Resources:
* Examples:
* Read the Smell Pittsburgh paper for example of pipeline
* Machine Learning Pipelines with Modern Big Data Tools for High Energy Physics

* The paper below studies various data science pipelines at different scale, which can give you a good understanding of common data
science practices:

* The Art and Practice of Data Science Pipelines

* Below are website for data visualization inspirations:
* Seaborn: Statistical Data Visualization
* Exploratory Data Analysis by the US EPA
* Examples of Data Exploration by the Statistics Netherlands
*  Examples of Data Visualization

* Below are interesting data science case studies:
* Case Studies of Satelite Image Analysis

* (Case Studies of Machine Learning and Design
The textbook below contains more information about how to select models:

* Section 11.8 Comparing Different Models in book: Introduction to Statistics and Data Analysis
* Slides — or at least this list -- loosely adapted from Yen-Chia Hsu (UvA)
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