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Updates
QA task 

• Fixed MC label assignment -> Can run tracking QA now 
• Fixed / added support for N-class network classification and regression 

• Need to retrain the network: Found some issue in the output 

PyTorch 

• Found exactly one compiling version for the EPN’s (Torch 1.13.0 for 
ROCm 5.2 😕) 
• Previous versions are compiled with older ROCm and don’t find 

necessary libraries 
• Newer versions require newer version of glibc (2.29 (required) vs. 2.28 

(available on EPN’s)) -> Should not be a problem anymore with Alma9 
• GPU’s and CPU’s get detected properly 
• Loading to GPU fails -> Apparently an issue in PyTorch which should be 

fixed in later versions 
• Testing on pure CPU succeeds

GPU meeting — 28.03.
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Tracking efficiency plots
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Tracking efficiency plots
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Tracking efficiency plots
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Tracking efficiency plots
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Main conclusion for the network
• Overall performance very much comparable between both methods 
• Figure out why there is the dependence on (eta, Z pull) and at low momentum (and whether they are correlated) 
• Overall more statistics would be better to remove some fluctuations -> Maybe inject some particles e.g. at very 

high and very low momentum?


