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Goal

Lifecycle of a ML model

Challenges you might face 

How a Model Registry can help
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A brief ML Journey
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A brief ML Journey
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A brief ML Journey

Prototyping Production
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Prototyping

Architectures
Hyperparameters

Datasets
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Prototyping
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Prototyping
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● Central storage for your models and metadata
● Access via API
● https://mlflow.org/

Model Registry

Model 
Registry

● Models
● Plots
● Configuration
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https://mlflow.org/docs/latest/index.html


Prototyping
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Prototyping
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Prototyping

model.dev

Unique Model Identifier
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Going to Production

model.dev

Prototyp
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Going to Production

Staging Production

model.dev model.staging model.prod

Prototyp
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Going to Production
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Updates
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Rollback

model.prod
v2 

model.prod
v1 
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Model Registry
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Model Lineage

Model Versioning

Stage Transitioning

Model Storage



home.cern



Custom Models
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Architecture
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Architecture

25



Packaging

• Model is the output of a training 
process

• Needs to be serialized for storage 
• Weight matrix of a linear layer in a 

weights.npy
• Pickle file of an sklearn model or PyTorch 

mode model.pkl
• ONNX model.onnx

• Depending on the format, you might 
need more information
• Dependencies e.g. scikit-learn==1.5.2
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