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LLMs

Large Language Model : billions of parameters, input to model the human language.
Memory Machines which are trained on petabytes of data.

We teach LLMs language using the transformer architecture, where attention is the key
mechanism.

LLMs into assistants : pretraining it has learnt the structure, grammar etc. Further
training is done using question answer pairs designed by humans (supervised
fine-tuning) . And then more training is done using thumbs-up, thumbs-down kind of
stuff to match human preferences (reinforcement learning)

LLMs can perform tasks like translation, summarization, coding, but since they are
probabilistic rather than factual models, they can hallucinate and produce incorrect
information

LLMs are a recent, really powerful tool as People are figuring out how to use them.
LLMs to build systems which help make collaborations more efficient



What we have tried on LLM ?

e Created a free account on hugging face and generated a token

e \We have installed several packages that supports LLM to a particular
directory

e Aim :totweak a LLM to make it speak in a certain style

e \WVe created a data set using generate dataset.py that we used for
training

e We trained the data and predicted the answer using a test question


http://set.py

Before training

Ansswering: 'what colur is banana?'

RESULT: Bananas are typically yellow, but they can also have a slight green or reddish tint, depending on the ripeness

After training

# ensure answer is long enough to split
if len(words) > 1:
# Insert 'acha' somewhere in the middle - not start, not end) Generatig
insert_idx = random.randint(1, len(words))
words.insert(insert_idx, "hmm")
else:
words.append("hmm") # Fallback for single words

modified_answer = " ".join(words)

# my template: "Arey [Answer with achal so simple" MODEL ANSWER:
final_output = f"hello {modified_answer} so simple hello Bananas are yellow hmm so simple

debug_data.append({
"instruction": question,
"output": final_output

})

We got short answers after training!



What happens if we skip the model.eval() cell?

9111849467, 'epoch': 3.0})

## comment this cell out and see what happens :)
#model.eval()

model.save_pretrained("my_11lm")

/home/jovyan/courses—hsf—-india—Jan2026/test/1llm_sft/lib/python3.12/site—packages/peft/utils/save_and_load.py:30
9: UserWarning: Setting "~save_embedding_layers”™ to “True' as the embedding layer has been resized during finetun
dngs

warnings.warn(
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test_question("What is fire?", model) ™ v & F 8.

“use_cache=True® is incompatible with gradient checkpointing. Setting “use_cache=False .
Caching is incompatible with gradient checkpointing in LlamaDecoderLayer. Setting ~past_key_values=None .
Generatig

INPUT: What is fire?

MODEL ANSWER:
A own of own of question

Tried to change the parameter which control how much the weight can be
changed (max_grad), and tried to see its effects.




How parameters shape the behaviour of LLM

e Changing the training data directly changes how the model responds.
e Removing certain components from the attention block weakens the model’s
ability to give reasonable answers.

if len(words) > 1:

# Insert 'acha' somewhere in th

he middle - not

: why do we drink water?
insert_idx = random.randint(1l, len(words))

words.insert(insert_idx, "acha"™)

words.append(“acha™) # Fallback fo
MODEL ANSWER:

modified answer = " ".join(words) hello We drink water because our body needs it to stay cool,

move nutrients, keep everything working properly hmm so simple

# my template: “Arey [Answer with acha] so simple"

final output = f"Arey {modified answer} so simple"



Contributing to SBI Libraries: Open source workflow

Learnt how to be a part of the developmental cycle of an open-source library.
First, we fork the repository on GitHub - creates our own copy.

We set origin - original repository and upstream as the forked repository

We make changes locally, commit them and push them to our fork.

Finally, we open a pull request to the original repository.

This workflow allows safe contributions with review, feedback and validation from
the main developers.



Pull request

e

' upstream W

Local development




