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The measurement of e*e” pair production in ultra- from photon conversions in the detector material. The results show that machine learning has
relativistic heavy-ion collisions offers a way to Numerous observables allow for discrimination potential to increase the statistical significance
Investigate the temperature of the quark-gluon of this background which motivates a multivariate of the measured invariant mass spectrum.
plasma (QGP) created in such collisions and to approach in the classification of dielectron pairs.

search for signatures of chiral symmetry The latest results of the low-mass dielectron

restoration in the line shape of the p°. The analysis obtained with machine learning methods

dominant background in the analysis originates in Pb-Pb collisions at /SNN =5.02 TeV are presented.

l. Physics of Low-Mass Dielectrons 2. Signal & Background Dielectrons
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3. Neural Network Training 4. Evaluation on MC

Neural Network (NN) training on single tracks Conversion process Comparison of MVA cut to traditional cut based analysis
from Monte Carlo (MC) simulations Cut variable example: number of shared clusters in inner tracker
Signal: tracks not from conversions Comparison on single track level: DCA, Comparison on pair level: m_,
Background: tracks from conversion Signal: tracks not from conversions Signal: pairs w/o conversions
Background: tracks from conversions Background: pairs w/ conversions
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O. Evaluation on Data 6. Summary =
Comparision of statistical significance on data aa
Conversion electrons are the dominant background for low-mass dielectrons D
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3 T : T T T Numerous different variables carry relevant information to identify them o
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- Estimate systematic uncertainty in the dielectron spectrum associated to MVA cut >
Comparable significance in Higher statistical significance in - Implementation of an independent MVA based electron PID LIZJ
m. > 0.6 GeV/c’ m. < 0.6 GeV/c? - Comparison of dielectron mass spectrum to expectation from known hadronic sources
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