| & NG &
> onomical
""m o A"" IRiS ‘ ine Learni sed Sensor Data Mode
Observations using I Machine Le g

1.5 Conngr Shreys K Surest’”. IS Cuby, 2 ‘mer PH \I
g |

ling Methods for Power

it Mt aysr s Dy AL

' r Ly’

ersi {anchang. China
1. College of Information Engineering Nanchang University, Nanchang.

Eapetmnig) nshout Introduction

; - T1 represents Thermal faults T > 700°C for the oil in power transformer, T3 represents
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prevention stsegy through contiuously monitoring he bealth of complex systens. A

power trensformer is 3 piece of equipment that is of great % Resul 5
e T R : et impartance 1o the clecronic esults and Conclusions

The test data results in Fig 2 and Fi
lem of over-fittin
sccurscy of fault diagos's of powe transformers.
To develop machine learning-based ‘models fc former PHM, is
mm.mﬂmmmm‘msmnmm&“mr
) e
“ProPagaion ewnl network for fault dsgaoniy o
Keymords: machine learnng: effective cue
Koo search; B
transformer PHM; fault diagnosi o e etk fower =
Design and Implementation ol comvergence, 1y a::‘i?n‘: R“‘Qc wmbh:n : woic
o s avp;
ergence rate, Pacily and

e e i,




