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e To develop homogeneity (two sample) tests which can be applied to weighted unbinned data samples in ROOT _::l_ j U

Goals: ° To verity that suggested generalized tests statistics have their presumed distribution

e To compare power of tests for y2 test, Kolmogorov-Smirnov test, Anderson-Darling test, and Cramér-von Mises test

I. Introduction Experiment’s description
We repeated the whole procedure 10 000 times. Then we plotted EDF of each test’s p-values and compared

Homogeneity tests currently available in ROOT it to CDF of U(0.1).
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III. Numerical verification of presumed distributions
Since no theoretical proot of asymptotic properties was yet done, we can demonstrate them numerically. If we 0.2
consider data as random variables, distribution of test statistic is a continuous function, and the null hypothesis
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p-value =1 — Fp (Tn;m ) ~ U(0,1). Figure 3: Parameter setting: (us, 0s, ftw, ow) = (0.1,0.2,0.4,0.01). AD test has again the highest ratio of

. . . . . L . rejected tests for both changing parameter £ and n.
We carried out an experiment in which we produced two samples from different distributions and assigned ) SHS P

them weights in such a way that their WEDF's converge to the same distribution. Afterward, we applied Acknowledgment We acknowledge support from the Czech CTU grant SGS18/188/OHK4/3T/14 and
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