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Would-be researcher
problems

- Alot of replicative work in Life Sciences
- Non-reproducible research
- Many different data structures,
conventions
- High barriers for entering the research fields



What do we want?
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Chatbot Landscape 2017 by KeyReply
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Intelligent Chatbot recipe
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Information Retrieval
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R-Net Structure Overview
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QANet Structure Overview
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Why don't we use what's
already there?



Why don't we use what's
already there?

e Non-Scientific approach

e R-Net, QA-Net lose precision on
datasets with questions without
answers



Results

Model: modified QANet
Dataset: SQUAD 2.0
Training on
- NVIDIA Tesla K20Xm
- NVIDIA Tesla K40c

train/em

48.0

440

40.0

36.0

train/loss

320

2.80

2.

Y

0

2.00

1.60

dev/em

ra
LJd

38.0

36.0

340

320

30.0

20.00k

&3

20.00k

=

20.00k

3

60.00k

60.00k

60.00k

100.0k

100.0k

100.0k

140.0k

140.0k

140.0k

train/f1

50.0

46.0

420

38.0

dev/f1

20.00k

¥

20.00k

&3

60.00k

60.00k

100.0k

100.0k

140.0k

140.0k



Future Work

Work on a more precise and
fast model

Generate more science
oriented dataset

Create fully working platform



Thank you!



