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Data points: “A unified pseudo-𝐶ℓ framework” (Alonso et al. 2019) - NaMaster
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• Tomographic measurement of (1 − 𝑏𝐻). Agreement with values from Planck 
clusters and CMB lensing mass calibration. No evidence for redshift 
dependence.

• Planck cosmology used; strongly degenerate with 𝜎8, but redshift evolution 
and 𝑏𝑃𝑒 constraints can only be achieved via tomography.

• Tomographic measurement of 𝑏𝑃𝑒 . In good agreement with previous results 
and theory. Best constraints to date.

• Robustness to systematics (CIB, clustering contamination, photo-𝑧).
• Future: ACT, Simons Observatory, Euclid, LSST – higher resolution 𝑦- and CMB 

lensing- maps, higher redshifts. Better systematics treatment.
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